
ACIT’2017 

The International Arab Conference on Information Technology 

Yassmine Hammamet, Tunisia 

December 22-24, 2017 

 

Semantic Elements Extraction based on Syntactic 

Structure of Arabic Sentences 

 

Raghda Hraiz, Mariam Khader, Arafat Awajan, Akram Alkous 
Computer Science 

Princess Sumaya University for Technology 

Amman, Jordan 

 
Abstract— Huge amount of data is uploaded to the Internet 

daily, most of this data are a user-generated data. User-generated 

data impose challenges in processing by machines because of its 

unstructured nature. This paper proposes a new approach for 

extracting semantic relations from Arabic sentences. The 

proposed approach analyzes the syntactic structure of Arabic 

sentences and recognizes its semantic elements. The proposed 

approach consists of three stages: syntactic analysis, 

segmentation and semantic relation extraction phase. The 

extracted elements from the text are organized in XML format. 

The proposed approach has been evaluated using a dataset of 15 

sentences from AL-Jazeera website. The results have shown that 

the proposed method is reliable and promising in extracting 
semantic elements. 

Keywords—Semantic Network; Semantic Elements; 

Information Extraction; Natural Language Processing; knowledge 

Representation. 

I.  INTRODUCTION 

Huge amount of data is uploaded to the internet every day; 
most of the data is generated on social networks [1], these data 
are mainly unstructured (natural language text). Many 
researches were proposed in order to enable machines to 
process unstructured data; those researches included data 
representation using logic, rules, frames, etc [2]. One the most 
implemented representation is the semantic networks. The 
semantic network is defined as a graphical representation of 
knowledge, where concepts represented as nodes and their 
relations as arcs. Semantic networks were used to represent 
knowledge and to infer conclusions from this knowledge [3]. 

This work proposes a new approach for semantic elements 
extraction between entities in Arabic texts using semantic 
networks. The extracted elements are generated from the 
syntactic structure of the sentences. The results show that the 
proposed method is promising for Arabic semantic, as it works 
automatically and does not require identifying rules at the 
semantic level, which in general require identifying a huge 
number of semantic patterns and rules. Instead of that, the 
method relies on the syntactic level to define patterns and rules. 
Which require defining less number of rules, and can work on 
any text from any domain. 

The rest of the paper is organized as follow; next section 
presents the state of the related work in extracting semantic 
relations for both English and Arabic texts. Section III, details 
the methodology steps. In section IV, evaluation of the 
proposed approach is demonstrated. Finally, section V 
concludes the result of applying syntactic structure for 
semantic elements extraction on Arabic sentences. 

II. RELATED WORK 

Semantic Network has been presented early at 1966 by 
Ross Quillian. It was proposed first as a general mechanism for 
representing knowledge [4].  The semantic network has been 
used in natural language processing as a knowledge 
representation in order to represent the semantic relations 
between concepts. It is form of directed or undirected graph, 
where vertices represent concepts, and edges represent 
semantic relations between those concepts [1]. 

 

Different approaches have been applied in order to extract 
entities and semantic relations between those entities in user-
generated text. The most common methods found in literature 
are pattern-based methods. A pattern is a template or a 
structure of a sentence that describes how related words could 
occur in it. Those patterns can be prepared manually by an 
expert or generated automatically. In [5], Aldhubayi & 
Alyahya have described three main approaches that are used to 
generate semantic patterns automatically. Those approaches are 
supervised machine learning methods, semi-supervised pattern-
based methods and bootstrapping methods. Supervised 
machine learning methods extract semantic relations by 
applying classification techniques on the dataset.  For using 
classification, a dataset of positive and negative test cases for 
semantic relations is needed. However, preparing adequate 
annotated test cases is expensive task and requires huge efforts 
and human expertise. On the other hand, semi-supervised and 
bootstrapping methods require small datasets of patterns of 
defined semantic relations to begin the extraction process. 

An unsupervised Relation Extraction method was proposed 
by [6]. The developed system of this method discovered 
entities and relations from Wikipedia documents. The benefit 
of using Wikipedia was to utilize the clean and well-written 
structure and contents of Wikipedia documents, especially the 
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English content. The system of relation extraction included 
three steps: text preprocessing and concept pair collecting, web 
context collecting and dependency pattern extracting and 
clustering Algorithm. In text preprocessing and concept pair 
collecting step, the method scans Wikipedia documents in 
order to extract concept pairs. Wikipedia was utilized because 
its document contains “anchor-text”, which connects the 
current article with its related articles. This method considers 
the current document and any of its related documents as a 
concept pairs and extracts any sentence containing both 
concepts together. In web context collecting step, the system 
will query Google with the concept pair; the result will be 
processed to extract information about the relations between 
the concept pair. This step was important in order to generate 
well-defined and accurate relations. In the last step, an entropy-
based algorithm was employed to compare and rank all 
possible terms, those terms were used to represent the relations. 
The terms are all nouns and verbs extracted from previous 
steps. In order to improve the quality of the relation, functional 
terms were added by the system to the relation to make it 
readable. 

In other researches, relation extraction method was 
developed for specific domains by [1]. In their research, a 
method for discovering medical elements between entities was 
proposed. In order to recognize syntactic entities in the medical 
documents, the researchers proposed an enhancement on an 
existing Medical Entities recognition system called MetaMap 
[7]. The research included identifying the category of each 
extracted name entity such as health problem, medical 
treatment or medical procedure and then extracting the 
semantic relations between extracted entities. The proposed 
system defined the types of the semantic relations. There are 
six main types: treats, prevents, causes, complicates, diagnoses 
and sign or symptom of. In order to extract semantic relations, 
the authors designed several linguistic patterns for each 
semantic relation type. The pattern was determined based on 
the selected sentences from PubMed Central articles. The 
sentences were selected using UMLS Metathesaurus 
knowledge and MeSH indexing of PubMed Central. The 
linguistic patterns were compared with each sentence in the 
corpus in order to choose the most suitable relation. The 
proposed method had good results on a corpus consist of 580 
sentences. The same authors also presented MeTAE, which is a 
platform for extracting information from medical texts.  

In their research Bollegala et al. [8] proposed extensional 
and intentional representations of the semantic relations 
between entity pairs. The extensional representation of 
semantic relation was achieved by deriving all possible entity 
pairs where this semantic relation holds. In the other hand, the 
intentional representation was achieved by identifying a set of 
lexical-syntactic patterns. The syntactic were used to construct 
the semantic relations. In order to extract the potential entities, 
the authors proposed an efficient single-pass extraction 
method. The proposed method scans all the sentences in the 

corpus once and work as a part of speech tagger and a noun-
phrase chunker in order to extract entities. After that, the 
method apply a subsequence pattern-mining algorithm, which 
discovers lexical syntactic patterns. The discovered patterns 
were used to represent the semantic relation between two 
entities. Finally, the lexical patterns were clustered using a 
sequential co-clustering algorithm. Results of the patterns 
clustering had promising results on the ENT benchmark 
dataset. The experiments proved the applicability of the 
proposed method on large dataset. The method was able to 
classify 53 relation types correctly in a large online social 
network system, with more than 35 million edges. 

KNOWITALL is an autonomous system that was proposed 
by [9]. This system was used to scan web pages and identify 
concepts, relationships and facts. Specifically, KNOWITALL 
relied on an expandable ontology and a set of rules. The system 
has a domain and languageindependent architecture to fill the 
ontology with new relations and facts. KNOWITALL was 
developed to be scalable, where the modules ran as threads and 
the modules communication achieved by asynchronous 
message passing.  

In [10], WOE (Wikipedia-based Open Extractor) system 
was proposed. WOE is an open information extractor system. It 
uses self-supervised learning to generate training samples, and 
then uses those training samples to train an open information 
extractor. The training samples are generated by matching the 
attributes in Infobox (in Wikipedia pages) with the 
corresponding sentences in the natural text.  

Regarding Arabic language, there were few studies for 
semantic relation extraction. The reason is that there are no 
enough resources to serve such researches. In the research of 
Lahbib et al. [11], the authors suggested a hybrid method for 
extracting semantic relation from Arabic documents. The 
suggested method incorporated statistical techniques and 
linguistic knowledge for discovering semantic relations. The 
method studied the relation between syntactic dependencies 
and the semantic of the sentences. The focus was on noun 
phrases, specifically, the following types of noun phrases: 
adjective phrases , prepositional phrases , annexation phrases, 
conjunctive phrase and complex noun phrases. After 
discovering the relations between syntactic dependencies and 
the semantic elements, the method utilized statistical 
techniques to measure the similarity between semantic entities. 
In order to evaluate the accuracy of the proposed method, the 
authors tested it on vocalized text (Al Hadith) to reduce 
ambiguity.  

Other researches on Arabic focused on extracting special 
types of relations. In their research [5] the goal of the research 
was on extracting antonym relationships between nouns. The 
authors designed a pattern-based bootstrapping approach based 
on Arabic language corpora called arTenTen and a corpus 
analysis tool called Sketch Engine. The method focused on 
discovering the most frequent patterns surrounds antonym pairs 
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in Arabic language. The evaluation results showed the ability 
of this method to discover antonym pairs with a precision of 
76%. 

Despite the importance of semantic relation extraction 
research, there are limited work and the result are not 
satisfactory yet. In this paper, a new approach has been 
presented. The proposed approach exploits the syntactic 
structure of the sentences in Arabic text to extract the semantic 
relations. The work will focus on ten different structures to 
study the relation between syntactic structure and semantic 
elements. There are several structures templates for Arabic 
sentences, however for the purpose of this work; most ten 
general structures were used as a template as it will be 
illustrated in next section. 

 

Figure 1: Main Architecture of the proposed system 

III. METHODOLOGY 

This paper proposes an approach for extracting semantic 
elements based on the relation between syntactic structure and 
semantic elements of Arabic sentences.  Arabic is a Semitic 
language that has a rich and complicated syntax structure. In 
order to study and analyze its syntax, a dedicated linguistic 
science called “Al-Naho” was created, and this science helps to 
reveal the semantic of the sentences [12]. 

According to “Al-Naho” science, the sentences in Arabic 
may start with a noun (Noun phrase) or start with a verb (verb 
phrase), where each type may have several orders. In this 
research, a sample of ten templates (patterns) is analyzed in 
order to study the ability of extracting semantic element 
(entities and relations) based on syntactic structure. In order to 
apply the approach, two preprocessing stages should be done 
on the selected documents. Besides that, lexicons of synonyms 
and name entity should be prepared. In this work, the 
preprocessing stages and lexicons have been prepared 
manually. In addition, a system was developed in order to 
extract those elements automatically. The input of the system is 
a document of natural language text and the output is an XML 
file that contains the extracted entities and relations. Figure 1 
describes the different elements of the proposed system, those 
elements are: the input document, preprocessing steps, 
semantic relation extraction and the XML output file. 

The system consists of two preprocessing stages, which are 

explained in next two subsections: syntactic analysis, and 

segmentation. 
The first preprocessing stage is syntactic analysis. In this 

stage, each word in the input document has been analyzed 
according to the rules of “Al-Naho”; those rules were extracted 
from “Al-Rajhi” (ً (انراجذ  book. In this stage, each word is 

assigned a tag to represent its syntactic role. Table 1 shows a 
sample of the tags that have been used in this research. 
Determining these tags is very important for semantic analysis, 
because in Arabic, the syntactic tags are needed to determine 
the specific type of the word science.  

Table 1: sample of syntactic tags used in this research 

Syntactic role Tag Meaning 

 SubNP Subject  in Noun phrase  مبتدأ
 Pred Predicate  خبر 

  Adj Adjective نعت
 SubVP Subject  in verbal  phrase فاعل

 TmAdv Temporal adverb ظرف زمان
 DirAdv Directional adverbs ظرف مكان

 Cnt Counterpart بدل
 Obj Object مفعول به

 V Verb فعل
 Gen Genitive اسم مجرور

 Disc Discrimination تمييز
 STT State حال

 Prep Preposition حرف جر
 Conn Conjunctive adverbs حرف عطف

For example, each noun in Arabic has specific type; the 
noun could be one of the following (and many other tags) [12]: 

 Subject, which might describe the person/concept who did 
the event specified by the verb 

 Object, which might describe the person/concept who has 
affected by the event 

 "يثرذا" (Subject in Noun phrase) which is the first word in 
noun phrases, and the most important noun in the sentence 

 “خثر” (predicate) which give information about the  
 (Subject in Noun phrase)"يثرذأ"

 "دال" (State),  which describe the guise of the subject when 
the event happened 

 "َعد" (Adjective), which is a property of the previous noun 
in the sentence 

 "ذًٍٍس" (discrimination), which describe the previous 
mentioned noun or verb, used to mention its type and 
eliminate ambiguity 

 

A. Segmentation 

It is a very hard to deal with the whole document while 
extracting semantic relations. In this phase, the input 
documents are segmented into sentences. The segmentation 
process in this stage is done based on syntactic structure of the 
sentence. A set of words is considered a sentence if it form a 
complete sentence from syntactic perspective, for example the 
sentence “ياخ انعانى” (the scientist died) is considered a complete 
sentence because it consist of a verb and a subject and the verb 
is Intransitive verb. Whereas the sentence "ِ  Khalid) "اعهى خانذ اتا
informed his father) is not a complete sentence, because the 
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verb “أعهى” is Transitive verb that requires two objects 
according to the Arabic syntax rules [12]. 

Extracting semantic elements 

The proposed semantic extraction approach work as follow, 
first, the system parse the document and process each sentence 
individually by comparing each sentence with a set of defined 
rules (which will be discussed later). If the sentence matches 
the rule, the semantic elements will be extracted according to 
that rule. Finally, the semantic elements will be saved in XML 
file.  

The two lexicons needed for the purpose of this work are a 
name entity lexicon and synonyms lexicon. The name entity 
lexicon is required to provide the semantic meaning of the 
sentence. For example, name entity is important to recognize 
that “Syria” is a country not a person name and “Microsoft” is 
an organization. In addition, name entity is important when 
multiple words are used to represent the same entity such as 
“Hashemite Kingdom of Jordan” and “Jordan”. The second 
lexicon contains the synonyms of the words. This lexicon is 
important when several words have the same meaning. For 
example, the words “ ذذٍا“, ”ذعٍش ” means live, so instead of 
recognizing them as two different relations, the system will 
check the synonyms lexicon and if the two words are 
synonyms, the system will consider them the same relation.  

The XML file consists of three main elements, entities, 
relations and attributes. Entity is an independent concept that 
represents person, organization, country, etc.  Relation is a link 
that connects two related entities together, this link should have 
name, and may have place and time. The attribute is a property 
of entity or relation that adds extra information about it. The 
main difference between the attribute and the entity is that the 
attribute is always related to an entity. The following is an 
example of the semantic elements: 

   "انف انشافعً انعانى انًشٕٓر كراب انرسانح فً يصر"          

“The well-known scientist Al-Shafee wrote Al-Resalah 
book in Egypt” 

In the above example, there are three entities (Al-Shafee, 
Al-Resalah Book and Egypt). The first entity has two attribute 
(well-known and scientist). There is only one relation in this 
sentence, which is wrote. Wrote relation connects Al-Shafee to 
Al-Resalah Book. This relation will be added to the first entity 
(Al-Shafee), which will be used later to connect it to the second 
entity. The extracted relation also contains place and time, the 
time in this example is not stated so it will be empty, and the 
place is Egypt. 

To extract the semantic elements a set of rules has been 
defined, which are discussed next. Each rule consists of two 
parts: syntactic template and processing steps, where each 
template is used to determine the processing required on the 
tested sentence.  A syntactic template is a sequence of tags that 
are used to define the syntactic structure of the sentence. Each 

sentence will be compared with the syntactic templates, if a 
sentence matches a specific syntactic template, the rule 
corresponding to the matched template will be fired. If a rule is 
fired, the preprocessing steps according to the syntactic 
template are applied to extract the semantic elements from the 
sentence. 

The following illustrate the analysis of the ten rules 
corresponding to the syntactic templates, the tags are according 
to table 1: 

 Template 1  {"SubNP","Pred"} 

If the sentence contains two words tagged as “SubNP” 
followed by “Pred”, the first word will be added as an entity to 
the semantic graph. The second word will have two choices; 
the first choice is that if there is an entity that represents the 
same concept, a new relation will be added to the entity of the 
first word and will be connected to the second one. The second 
choice is that if the second word does not represent an entity 
(does not have its own attributes or relations), the word will be 
considered as an attribute for the first entity. 

 Template 2  {"V","SubVP","Obj"} 

If the sentence contains three words tagged as “V” followed 
by “SubVP” and then “Obj”, the system will search its pool for 
the second and third words. If any of these words does not 
exist, the system will add it as entity. Then it will create a 
relation in the entity of the second word, and connect it to the 
third word. The name of the relation in this case will be the 
first word.  

 

 

Figure 2: Main Steps of the proposed system after preprocessing 

 

 Template 3   {"V","Sub","Prep",”Gen”} 
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If the sentence contains the following sequence of tags 
"V","Sub","Prep" and ”Gen”. The system will search for the 
second and forth words. If any of the two words does not exist, 
the system will add it as an entity. Then the system will create 
a relation in the entity of the second word, and connect it to the 
fourth word. The name of the relation will be the connection of 
the first word and the third word.  

 Template 4  {“SubNP”,"V","Preb",”Gen”} 

*this rule will be fired if the word that has the “Gen” tag is 
found in Name Entity lexicon as place. 

In case the sentence contains the following sequence of tags 
“SubNP”,"V"," Preb " and ” Gen”, the system will search for 
the first and forth words. If the words not exist, the system will 
add them as entities. Then it will create a relation in the entity 
of the first word that connects it to the fourth word. The name 
of the relation will be the concatenation of the second word and 
the third word.  

 Template 5   {"SubNP","Adj"} 

If the sentence contains two words tagged as “SubNP” 
followed by “Adj”, the first word will be added as an entity to 
the semantic graph. The second word will have two choices; 
the first choice is that if there is an entity that represents the 
same concept, a new relation will be added to the entity of the 
first word and this added relation will be used to connect the 
first word to the second one. The second choice is that if the 
word does not represent an entity (does not have its own 
attributes or relations), the word will be considered as an 
attribute of the first entity. 

 Template 6  {"V","Sub",”Obj”,"TmAdv"} 

If the sentence contains the following sequence of tags "V", 
"Sub", ”Obj” and "TmAdv", the system will search for the 
second and fourth words. If the words are not exist, the system 
will add them as entities. After that, the system will create a 
relation in the entity of the second word; this relation will be 
used to connect the second word to the fourth word. The name 
of the relation will be the first word in the sentence. A new 
attribute will be added to the relation, the name of the new 
attribute will be the third word. 

 Template 7  {"V","SubVP","Obj","TmAdv"} 

If the sentence consists of the following sequence of tags 
"V","SubVP","Obj" and "TmAdv", the system will search for 
the second, third and fourth words. If the words do not exist, 
the system will add them as entities. Then the system will 
create a relation in the entity of the second word; this relation 
will be used to connect second word to the third word. The 
name of the relation will be the first word. The fourth word will 
be added as the time of the relation.  

 Template 8   {"Pred","Adj"} 

If the sentence consists of two words tagged as “Pred” 
followed by “Adj”, the system will search for the first word. If 
it does not exist, it will be added as an entity to the semantic 
graph. The second word will have two choices; the first choice 
is that if there is an entity that represents the same concept, a 
new relation will be added to the entity of the first word and 
will be used to connect the first word to the second one. The 
second choice is that if the word does not represent an entity 
(does not have its own attributes or relations), the second word 
will be considered as an attribute of the first entity. 

 Template 9   {"V","SubVP",”Obj”,"Stt”} 

In case the sentence contains the following sequence of tag 
"V","SubVP",”Obj” and "Stt”, the system will search for the 
second and third words. If the words do not exist, the system 
will add them as entities. Then the system will create a relation 
in the entity of the second word, this relation will be used to 
connect the second word to the third word. The name of the 
relation will be the first word. A new attribute will be added to 
the relation. The name of the new attribute will be the fourth 
word. 

 Template 10   {"V","SubVP",”Obj”,"DirAdv"} 

If the sentence contains the following sequence of tags 
"V","SubVP",”Obj” and "DirAdv", the system will search for 
the second,third and fourth words. If the words do not exist, the 
system will add them as entities. Then the system will create a 
relation in the entity of the second word, this relation will be 
used to connect the second word to the third word. The name 
of the relation will be the first word. Then the fourth word will 
be the place of the relation. 

IV. EVALUATION 

In order to evaluate the reliability of the proposed approach, 
a set of 15 sentences have been chosen from Aljazera website 
as a data set [13]. The used test data set is shown in table 2. 
The output of the system has been compared with human 
expert analysis results. According to the human analysis, the 
dataset contains 14 entities, 37 relation and 14 attributes. The 
proposed system has correctly identified 13 entities, 9 relations 
and 9 attributes. The system was not able to recognize all the 
semantic elements. The reason for misidentifying the elements 
was that the used templates in the system do not cover all the 
syntactic templates of Arabic sentences. In addition, the system 
failed when the sentence contained multi-word expressions 
such as "ّ  The system has also failed when the text ."رضً الله عُ
contained similes or metaphors. Additionally, the current 
representation of the rules needs to be improved in a way that 
is capable to handle larger number of templates. The rule 
representation can be improved by creating special type of 
finite state transducer that can parse the sentence and generate 
the output efficiently.  

The following two examples show how the system 
performed in semantic elements extraction. Example one 
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shows a sentence that have been analyzed correctly by the 
system. The system creates an entity tag in the xml output for 
the second and fourth word according to template number 
three.  According to the templates rules, the system created a 
relation that connects the entity of the second word with the 
entity of the fourth word. The name of the relation is the first 
and third words as mentioned in rule number three.  

Example 1: 

 _Gen:جايعح دٌٕتُذ الإسلايٍحّ_Prep:فً_SubVP:انثُٕري_V:ذخرج

Meaning:  

AL-Banoree graduated from Dayobond Islamic university 

 

Output: 

<Entity name=" انثُٕري "> 
        <Relation connected_to=" ّجايعح دٌٕتُذ الإسلايٍح " name="ًذخرج ف"/> 
 < /Entity> 
<Entity name=" ّجايعح دٌٕتُذ الإسلايٍح "/> 
 
 
Meaning: 
 
<Entity name=" AL- Banoree "> 
        <Relation connected_to=" Dayobond Islamic university "  
name=" graduated from"/> 
 </Entity> 
<Entity name=" Dayobond Islamic university "/> 
 

Example two shows that the system has not succeed in 
extracting semantic elements. The reason was that the input 
sentence has not matched any template in the system.  

Example 2: 

 
 .Conn:انصلاح_Gen_ٔ:Conj:انعهى_Preb:ب_SubVP:يذٌرٌح يرداٌ انُٓذٌح_V:ذشرٓر
 
Meaning: 
 
Indian Mardan Directorate is known by its  
Science and righteousness 
 

V. CONCLUSION 

In this paper, a new method has been proposed to extract 
semantic relations from Arabic text.  The proposed approach 
exploits the syntactic structure of the sentence to determine the 
semantic elements. The method consists of three phases, 
Syntactic analysis, segmentation and semantic relation 
extracting. The results show that the proposed method is 
promising for Arabic semantic, as it works automatically and 
does not require identifying rules at the semantic level, which 
in general require identifying a huge number of semantic 
patterns and rules. Instead of that, the method relies on the 
syntactic level to define patterns and rules. Which require 
defining less number of rules, and can work on any text from 
any domain. 

Table  2 : The used test data set for semantic elements extraction 

Sentence Num. 

 1 .د ٌٕسف انثُٕري عانى ُْذي يرضهع فً انرفسٍر ٔانذذٌث ٔيٍ أترز سذَح انهغح انعرتٍحيذى

 2ذثٕأ يُاصة عهًٍح رفٍعح فً انُٓذ ٔتاكسراٌ, 

 3 .ٔأنف كرثا قًٍح فً عذج يجالاخ

 فً قرٌح يٓاتد آتاد انراتعح نًذٌرٌح 1908ٔنذ يذًذ ٌٕسف تٍ يذًذ زكرٌا انثُّٕري عاو 
يرداٌ انُٓذٌح, لأسرج ٌرصم َسثٓا تعهً تٍ أتً رضً الله عُّ 

4 

 5 .ٔذشرٓر تانعهى ٔانصلاح

 6درش انثُّٕري انعهٕو انذٌٍُحّ عهى أتٍّ ٔخانّ انشٍخ فضم دًذاًَ فً تٍشأر 

ٔدرش انُذٕ ٔانصرف فً كاتم تأفغاَسراٌ عهى ٌذ عثذ انقادر انهًقاًَ ٔيذًذ صانخ 
انقهٍفٕري, 

7 

 8 .كًا ذهقى انعهى عهى انشٍخ شثٍر أدًذ ٔيذًذ إَٔر شاِ انكشًٍري ٔغٍرًْا

 9 . ذخرج فً جايعح دٌٕتُذ الإسلايٍحّ انعرٌقح فً انُٓذ1929ٔفً عاو 

 10عًم انثُٕري أسرارا فً انجايعح الإسلايٍحّ تثادتٓم فً يقاطعح يٕيثاي انُٓذٌح, 

 11 .ٔذرأش جًعٍح عهًاء انُٓذ, إنى جاَة يسؤٔنٍاخ ٔٔظائف دٌٍُح فً تاكسراٌ

 12ذرًٍس انرجرتح انعهًٍح نهثُٕري ترضهعّ فً ذفسٍر انقرآٌ ٔيعرفرّ تانذذٌث انشرٌف, 

 13 .ٌٔشرٓر تكَّٕ يٍ أترز انًُافذٍٍ عٍ انهغح انعرتٍحّ ٔالإسلاو فً انقارج انُٓذٌحّ

 14 .تعذ ذهقٍّ انعهى عهى انعذٌذ يٍ انًشاٌخ

 15ٔذخرج فً جايعح دٌٕتُذ الإسلايٍحّ 
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